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Abstract
Background  Bicuspid aortic valve (BAV) is the most prevalent congenital valvular heart defect, and around 50% 
of severe isolated calcific aortic valve disease (CAVD) cases are associated with BAV. Although previous studies have 
demonstrated the cellular heterogeneity of aortic valves, the cellular composition of specific BAV at the single-cell 
level remains unclear.

Methods  Four BAV specimens from aortic valve stenosis patients were collected to conduct single-cell RNA 
sequencing (scRNA-seq). In vitro experiments were performed to further validate some phenotypes.

Results  The heterogeneity of stromal cells and immune cells were revealed based on comprehensive analysis. 
We identified twelve subclusters of VICs, four subclusters of ECs, six subclusters of lymphocytes, six subclusters of 
monocytic cells and one cluster of mast cells. Based on the detailed cell atlas, we constructed a cellular interaction 
network. Several novel cell types were identified, and we provided evidence for established mechanisms on valvular 
calcification. Furthermore, when exploring the monocytic lineage, a special population, macrophage derived stromal 
cells (MDSC), was revealed to be originated from MRC1+ (CD206) macrophages (Macrophage-to-Mesenchymal 
transition, MMT). FOXC1 and PI3K-AKT pathway were identified as potential regulators of MMT through scRNA analysis 
and in vitro experiments.

Conclusions  With an unbiased scRNA-seq approach, we identified a full spectrum of cell populations and a 
cellular interaction network in stenotic BAVs, which may provide insights for further research on CAVD. Notably, the 
exploration on mechanism of MMT might provide potential therapeutic targets for bicuspid CAVD.

Keywords  Single-cell RNA sequencing, Bicuspid aortic valve, Macrophage, Extracellular matrix remodeling, Valvular 
calcification
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Background
Calcific aortic valve disease (CAVD) is the most prevalent 
valve disorder and ranks third among the leading causes 
of cardiovascular diseases in developed nations [1, 2]. As 
CAVD progresses, patients typically experience a range 
of clinical symptoms due to obstruction in the left ven-
tricular outflow tract [3]. Despite the pressing need for 
effective treatments, there is currently no drug therapy 
available for severe CAVD. The only options available are 
surgical valve replacement or transcatheter aortic valve 
implantation, which highlights the importance of ongo-
ing research into the underlying mechanisms of valvular 
calcification.

Bicuspid aortic valve (BAV) is the most common con-
genital valvular heart defect, affecting 1–2% of adults [4]. 
Over time, most individuals with BAV develop aortic ste-
nosis, and about 50% of severe isolated CAVD cases are 
identified as BAV [5]. Furthermore, patients with BAV 
usually develop CAVD earlier and more severely than 
those with a tricuspid valve (TAV) [6]. Recent studies 
[7, 8] have demonstrated that mechanisms on the cal-
cification of BAV and TAV are partially similar, but not 
completely identical. Since the application of scRNA-seq 
technology in CAVD research [9–12], the heterogeneity 
of aortic valve cells has received widespread attention. 
There are notable developmental differences between 
BAV and TAV that may lead to variations in their cel-
lular composition. Although previous research [9] col-
lected human specimens and provided initial insights 
into the cell diversity of aortic valves, there is currently 
no specific study on the cell composition of BAV. More-
over, recent advancements in single-cell sequencing tech-
nologies have greatly improved sample preparation and 
sequencing depth, facilitating the analysis of more cells 
and genes. Consequently, studying bicuspid CAVD at a 
single-cell level is imperative for obtaining a comprehen-
sive and in-depth understanding of valve calcification 
pathogenesis.

Despite numerous efforts to understand how mac-
rophages contribute to aortic valve calcification, 
prior research has mainly centered around the role of 
M1-polarized macrophages and their secretion of inflam-
matory cytokines [13–16]. There may be additional 
mechanisms by which macrophages promote valvular 
calcification that have yet to be uncovered, warranting 
further investigation. The phenomenon of macrophage-
to-myofibroblast or mesenchymal transition (MMT) [17] 
has recently been identified in fibrosis-related diseases 
affecting multiple organs, such as the lung [18], kidney 
[19, 20], heart [21], and pancreas [22]. Since there is lim-
ited exploration into the differentiation of monocytic 
lineage [23, 24] in calcific aortic valves, especially the 
transition of macrophages, it has prompted investigation 

into the potential involvement of MMT in the progres-
sion of valvular calcification.

To gain a more complete understanding of the het-
erogeneity and investigate the potential developmental 
transitions of monocytic cells in bicuspid CAVD, we con-
ducted single-cell RNA sequencing (scRNA-seq) on four 
human stenotic BAV samples with varying levels of calci-
fication. The aim of this study is to provide a cell atlas of 
stenotic BAV and attempt to reveal novel mechanisms of 
macrophage involvement in BAV calcification.

Methods
Human aortic valve collection
The study recruited 11 patients who underwent aor-
tic valve replacement surgery for bicuspid aortic valves 
(BAV) (Supplementary Table  1). Single-cell RNA 
sequencing (scRNA-seq) was performed on speci-
mens collected from 4 of these patients (Supplemen-
tary Table 1). To objectively evaluate the extent of valve 
calcification, Computed Tomography-Aortic Valve 
Calcium (CT-AVC) scoring was performed using Intel-
liSpace Portal (Philips). The remaining seven specimens 
were reserved for histological analysis (Supplementary 
Table 2).

Preparation of single-cell suspensions
To isolate cells from the human aortic valve specimens, 
the tissues were first minced into pieces no larger than 
1 mm3 and large calcified nodules are removed (Sup-
plementary Video 2). Then tissues were transferred to 
a solution of 5 ml of digestion medium. This medium 
consisted of PBS, 0.5  mg/ml collagenase type I (from 
Sigma-Aldrich), and 0.5 mg/ml collagenase type II (from 
Sigma-Aldrich). The samples were then incubated at 
37  °C for 30  min, with manual shaking occurring every 
5 min. Following incubation, the samples were vortexed 
for 10 s and pipetted up and down for 1 min using a 5 ml 
pipette. Subsequently, 15 ml of ice-cold PBS containing 
0.04% Bovine Serum Albumin (BSA, from Thermo Fisher 
Scientific) were added, and the samples were filtered 
through a 70 mm cell strainer (Thermo Fisher Scientific). 
The undigested calcification fragments were discarded, 
and the pelleted cells were washed with red blood cell 
lysis buffer (Miltenyi Biotec) to eliminate any residual 
red blood cells. After washing with PBS containing 0.04% 
BSA, the cells were resuspended in the same solution and 
filtered once more through a 40 μm cell strainer. The dis-
sociated single cells were then stained with Calcein-AM 
(from Thermo Fisher Scientific) to assess viability, and 
further enriched with a MACS Dead Cell Removal Kit 
(Miltenyi Biotec).
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scRNA sequencing
The scRNA-seq libraries were generated according to 
the protocol of the GEXSCOPETM Single-Cell RNA 
Library Kit (Singleron Biotechnologies, Nanjing, China). 
In brief, mixed single-cell suspensions were loaded onto 
the microfluidic devices, and barcode beads were added 
after the cells had settled into the wells. The cells were 
then lysed for 20  min to extract the mRNA, which was 
captured by the barcode beads. The beads were washed 
with 6× SSC twice, and the mRNA was reverse tran-
scribed. The cDNA-coated beads were amplified via PCR 
using the following conditions: 98 °C for 45 s, [98 °C for 
20 s, 67 °C for 30 s, and 72 °C for 1 min] x 14 cycles, 72 °C 
for 1 min. The amplified DNA was purified and assessed 
for quality using the Agilent BioAnalyzer and a high-
sensitivity chip. The purified cDNA was then pooled and 
subjected to standard Nextera tagmentation and ampli-
fication reactions (Nextera XT, Illumina) with a custom 
primer instead of an i5 index primer, allowing for ampli-
fication of only those fragments containing cell barcodes 
and UMIs. The libraries were sequenced on an Illumina 
HiSeq X with 150-bp paired-end reads.

scRNA-seq analysis of BAV
The raw scRNA-seq data was processed using CeleScope 
software (version 1.4.0, Singleron Biotechnologies). The 
reads were demultiplexed and mapped to the GRCh38 
human reference genome, and the unique molecular 
identifier (UMI) counts were determined. The low-qual-
ity reads were removed and adaptor sequences were fil-
tered using fastp [25] with default parameters to obtain 
clean data. The cell barcode whitelist was identified 
through single-cell transcriptome analysis using UMI-
tools [26]. The clean UMI-based data was mapped to the 
human genome (Ensemble version 91) using STAR [27] 
mapping with customized parameters from the UMI-
tools standard pipeline to obtain the UMI counts for 
each sample. Cells with over 200 expressed genes and a 
mitochondrial UMI rate below 40% were deemed to have 
passed the cell quality filtering.

The Seurat package (version 4.0.1, available at https://
satijalab.org/seurat/) in conjunction with R software 
(version 4.0.4) was utilized for the normalization of 
cells and regression based on the expression table, tak-
ing into account the UMI counts and the percentage of 
mitochondria in each sample to generate scaled data. 
Quality control visualization was provided in the supple-
mentary material (Supplementary Fig.  2 ). To mitigate 
the impact of batch effects, we employed SCTransform 
[28] and integrated the data using the Seurat guideline. 
An unsupervised cell cluster result was generated using 
the graph-based clustering method (resolution = 0.8) 
based on the top 50 principal components obtained 
from PCA. The marker genes were identified using the 

FindAllMarkers function with the Wilcox rank sum test 
algorithm, applying the following criteria: log2FC > 0.25, 
p-value < 0.05, and min. pct > 0.1. To identify the detailed 
cell types, the clusters of monocytic cells were selected 
for further analysis, including re-UMAP analysis, graph-
based clustering, and marker gene analysis. Subsequently, 
to resolve subclusters more effectively, we performed 
clustering with different resolutions following the above 
workflow.

scRNA-seq analysis of previously published dataset
We obtained raw scRNA-seq data on human aortic valve 
previously published [9]. Using the Cell Ranger toolkit 
(v6.0.1), we mapped sequencing libraries to the human 
genome (build GRCh38). We then filtered single cells 
based on two quality measures: mitochondrial gene 
expression (< 10%) and gene count (ranging from 200 
to 5,000), as determined by the R package Seurat. Basic 
analysis was performed using the official tutorial, where 
the top 30 principal components (PCs) were used to per-
form UMAP reduction and cell clustering. T The reso-
lution of clustering was set to 0.3, and cell types were 
assigned based on known marker gene expression, tak-
ing into account significantly expressed genes in each cell 
cluster. Further clustering of monocytic cells used same 
parameters.

RNA velocity analysis
For RNA velocity [29] analysis, we first generated the 
bam files using the CeleScope software (version 1.4.0). 
Then scVelo (https://scvelo.readthedocs.io/) pipeline was 
used to estimate RNA velocity. A PAGA velocity graph 
was generated using default parameters to provide a 
graphical representation of the data topology, with edges 
weighted according to the connectivity between clusters.

Pseudotime trajectory analysis
Single-cell trajectory analysis was performed using 
Monocle2 [30] (version 2.4.7). Dimensionality reduc-
tion for pseudotime estimation was performed using the 
DDRTree method, implemented in the “reduceDimen-
sion” function. Prior to Monocle analysis, marker genes 
were selected from the Seurat clustering results and raw 
expression counts for each cell were filtered. The root 
state was manually determined based on RNA velocity 
results to calculate pseudotime. The pseudotime analysis 
was followed by Branch Expression Analysis Modeling 
(BEAM Analysis) to determine gene expression in differ-
ent branches.

Cell-cell communication analysis
The R package Cellchat [31] (version 1.6.1) was utilized 
to infer and analysis cell-cell communications among 
different cell clusters. We utilized the built-in plotting 

https://satijalab.org/seurat/
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functions of Cellchat to visualize the communication pat-
terns between various cell types in our dataset, following 
the tutorials provided on the official website (http://www.
cellchat.org/). The database of receptors and ligands used 
in the analysis was limited to secreted signaling and ECM 
signals and only included interaction with documented 
evidence.

SCENIC analysis
To evaluate the strength of transcription factor regula-
tion, we utilized the single-cell regulatory network infer-
ence and clustering [32] workflow (pySCENIC, version 
0.10.1) and the 20-thousand motifs database for RcisTar-
get and GRNboost.

Enrichment analysis
To identify the potential biological functions of cell 
clusters, we performed gene set enrichment analy-
sis (GSEA) with marker genes for cell clusters. Marker 
genes detected in > 25% cells in a cluster with average 
log2FC > 0.5 were used in the analysis. Enrichment analy-
ses were performed using R package ClusterProfiler (Ver-
sion 3.14.3). Over-representation tests on Gene Ontology 
(GO) Biological Processes terms were performed using 
ClusterProfiler function enrichGO. Genes associated 
with each term were retrieved from R package org.Hs.eg.
db (Version 3.10.0) according to the GO ID of the term.

Cell culture and MRC1+Mac induction
The U937 cell line was originally obtained from American 
Type Culture Collection (ATCC). Cells were maintained 
in RPMI 1640 medium containing 10% Fetal Bovine 
Serum (FBS) (growth medium, GM) at 37 °C in a humidi-
fied atmosphere with 5% CO2. Osteogenic medium (OM) 
was used as calcification microenvironment to induce 
transdifferentiation.

U937-derived MRC1+Mac were generated as a macro-
phage model [33]. Briefly, U937 cells were primed with 
PMA (Sigma, 10ng/ml) for 48 h to become unpolarized 
macrophages. To establish the MRC1+Mac, the unpo-
larized macrophages were stimulated with IL-4 (Absin, 
20 ng/ml) of for an additional 48  h. Cells were then 
harvested for flow cytometry analysis (Supplementary 
Material, Figure S10A) or fixed for immunofluorescent 
staining (Supplementary Material, Figure S10B) of the 
indicated markers to examine induction efficiency.

Flow cytometry
Flow cytometry was used to analyze the effectiveness of 
macrophage polarization. Briefly, 106 cells were incu-
bated with fluorescent-specific antibodies at 4  °C for 
30 min in 100 µl PBS containing 10% fetal bovine serum. 
APC-conjugated anti-MRC1 antibody (BD) were used 
to identify MRC1+Mac. Labeled cells were washed and 

analyzed using a BD LSRFortessa flow cytometer and 
FlowJo software (Tree Star, Inc., USA).

Histopathology and multiplex fluorescence 
immunohistochemical staining
Each aortic valve specimen used in histopathology 
analyses was divided into three parts: fibrotic areas, cal-
cific areas and ILH areas. The degree of calcification in 
the above areas increased in sequence, as previously 
described [34]. All parts of the specimens were fixed in 
4% paraformaldehyde and decalcified with 10% EDTA. 
After the tissues were embedded in paraffin, 4  μm sec-
tions were prepared using a Leica microtome.

The aortic valve sections were stained according to 
the instructions of four-color multiplex fluorescence 
immunohistochemical staining kit (Absin) and blocked 
with TBST containing 5% goat serum before incuba-
tion with antibodies. The antibodies involved in experi-
ments include MRC1 (CST, 24,595  S), α-SMA (abcam, 
ab240654) and BMP2 (abcam, ab214821). The nuclei 
were stained with DAPI before sealing, and all sections 
were scanned by a fluorescent scanning camera (KFBIO, 
KF-TB-400). Inset images were captured by a confocal 
microscope. The areas of tissue in sections were calcu-
lated using image J according to the scale bars and num-
bers of positive cells were counted manually. Then the 
results were quantified as cell densities (cell numbers / 
tissue areas).

To perform z-stack scans of aortic valve tissue, 20 μm 
sections were prepared. Images were captured using a 
confocal microscopy (Zeiss LSM 710). 3D reconstruction 
was built in Zen2012 software (Zeiss).

Cell immunofluorescent staining
MRC1+Mac cultured in OM or GM were fixed with 4% 
PFA for 30  min, blocked with 1% BSA for 1  h at room 
temperature and then reacted with antibodies: α-SMA 
(abcam, ab240654), MRC1 (CST, 24,595  S) overnight at 
4  °C. After washing the cells with PBS, secondary anti-
bodies were applied for detecting above markers. Finally, 
the cells were counterstained with DAPI (Thermo) and 
observed using fluorescence microscopy (Zeiss).

Calcium measurement assay
The intracellular calcium concentration was determined 
using a Calcium Colorimetric Assay kit (Beyotime, 
China). The process involved collecting the MRC1 + Mac 
cells after different times of OM induction, lyzing them 
with lysate buffer, adding 75 µL Chromogenic Reagent 
and 75 µL Calcium Assay Buffer to the 50 µL cell lysates, 
and incubating for 10  min. The absorbance was then 
measured at 575  nm using a 96-well microplate reader 
(TECAN, Switzerland). The protein levels were quanti-
fied using a bicinchoninic acid assay (Beyotime, China) 

http://www.cellchat.org/
http://www.cellchat.org/
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and the relative calcium levels were calculated by divid-
ing the calcium concentrations by the protein levels.

Alizarin red staining
After culture in different conditions, cells were washed 
three times with PBS and fixed with 4% PFA for 30 min, 
and then stained with 2% Alizarin Red S (Sciencell) for 
30 min at room temperature. After washing with deion-
ized water until no more color appearing, the staining 
pictures were captured. Then the calcium deposits were 
dissolved in 5% Formic acid and the absorbance value 
was measured at 450 nm for the quantitative analysis.

Real-time quantitative PCR
Samples were harvested using Trizol reagent (Invitro-
gen, Carlsbad, CA) and subjected to RNA isolation. The 
cDNA was synthesized from the isolated RNA using the 
RevertAid First Strand cDNA Synthesis Kit (Thermo 
Fisher Scientific, Waltham, MA). The reverse transcrip-
tion product was then used as a template for real-time 
polymerase chain reaction (PCR) performed on a Step 
One Plus thermal cycler (Applied Biosystems, Fos-
ter City, CA) using PowerUp SYBR Green Master Mix 
(Applied Biosystems). The primer sequences used in the 
PCR reactions are listed in supplementary Table  3. The 
final data were analyzed using the 2-ΔΔct method.

Western blot analysis
The proteins were extracted from the samples using 
radioimmunoprecipitation assay lysis buffer and the pro-
tein concentration was determined using a Bicinchoninic 
Acid Protein Assay kit. Then, 40 µg of protein from each 
group were separated by 10 or 12% SDS-PAGE and trans-
ferred onto polyvinylidene fluoride (PVDF) membranes. 
The PVDF membranes were blocked with 5% skim milk 
for 2  h at room temperature and then incubated over-
night at 4 °C with specific antibodies for TIMP1, TIMP2, 
MMP2, MMP9, Osteopotin, RUNX2, α-SMA, S100A4, 
FOXC1, PI3K, AKT, p-AKT, and GAPDH. The mem-
branes were then incubated with corresponding horse-
radish peroxidase-labeled secondary antibodies for 
45 min at 37 °C. Finally, the target bands were visualized 
using an enhanced chemiluminescent kit and analyzed 
using Image Lab software (Bio-Rad Laboratories).

siRNA transfection
Prior to transfection, the U937 cells were induced to 
exhibit the MRC1+Mac phenotype. The cells were plated 
at a density of 4 × 105 cells per well in a 6-well plate. The 
medium was replaced with fresh serum-free medium 
one hour prior to transfection. A quantity of 100 pmol 
of FOXC1 siRNA (siFOXC1 sequence: 5’-CCACT-
GCAACCTGCAAGCCAT-3’) or negative control 
siRNA (si-NC) was introduced into the cells using 

Lipofectamine® 2000 (Invitrogen; Thermo Fisher Scien-
tific). After being incubated at 37 °C for 4 h, the medium 
was replaced with fresh cell medium containing 10% FBS. 
The efficiency of silencing was then evaluated through 
RT-qPCR analysis performed 48  h post-transfection or 
western blotting performed 72 h post-transfection.

Statistical analyses
Single-cell RNA sequencing was employed to analyze dif-
ferential gene expression, and the statistical analysis was 
performed using the Seurat’s FindMarkers or FindAll-
Markers functions in R software. A bimodal likelihood 
estimator test, which is appropriate for zero-inflated sin-
gle-cell RNA sequencing data, was utilized. The results 
are presented as p-values corrected for multiple testing 
using the Bonferroni correction method.

For single-cell RNA Sequencing statistical analysis of 
differential gene expression was performed (in R soft-
ware) with Seurat’s FindMarkers or FindAllMarkers func-
tions by using a bimodal likelihood estimator test suitable 
for zero-inflated scRNA-seq data. Data is always shown 
in p-values corrected for multiple testing (Bonferroni).

For Western blots and qPCR data, ANOVA non-para-
metric Kruskall–Wallis multiple comparison test with 
posthoc Dunn’s test was used for comparison of multiple 
groups or a two-sided Student’s t test with Welch’s cor-
rection. Statistical testing and plotting were conducted 
using GraphPad Prism (version 9.4.0). Quantitative data 
are presented as the mean and SD (mean ± SD). A value of 
p < 0.05 was considered statistically significant. *p < 0.05; 
**p < 0.01; ***p < 0.001.

Results
Major cellular constitution of human stenotic BAV tissues 
deciphered by scRNA-seq
In order to determine the composition of the cell popu-
lations in human stenotic BAV tissue, scRNA-seq analy-
sis was conducted on aortic valve tissue samples from 
one patient with non-calcified valve (NC) and three 
patients with calcific valves (CA1, CA2, CA3) (Fig.  1a). 
All patients underwent valve replacement surgery for 
aortic valve stenosis with/without regurgitation. The 
clinical information as well as calcium scores of all the 
specimens is shown in Supplementary Table  1. Speci-
men NC showed thickened leaflets without calcification, 
while specimen CA3 got highest score of calcification 
(Supplementary Table  1 , Supplementary Fig.  1a). After 
undergoing standard data processing and quality control 
(Supplementary Fig. 2), 41,305 single cell transcriptomes 
were obtained (Fig.  1b). The numbers of cells in speci-
men NC, CA1, CA2, CA3 were 9587, 8810, 11,755 and 
11,153, respectively (Supplementary Fig. 1 b-c). In order 
to acquire unbiased clusters of all cells, we performed 
sctransform [35] and then integrated data sets across 4 
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specimens using Seurat [28]. Results showed that batch 
effects across different specimens were remarkably 
reduced (Supplementary Fig. 3 a).

After preliminary clustering, 11 clusters were identi-
fied based on uniform manifold approximation and pro-
jection (UMAP) analyses [36] (Fig.  1b). Top 5 marker 
genes of each cluster was shown in Supplementary Fig. 3 
b. Based on the highly expressed genes of each cluster, 
we next assigned the 11 clusters into 5 major cell types 
with typical cell markers to match the biological anno-
tation (Fig.  1c-f, Supplementary Fig.  3 c). In particular, 
cell markers for cell types were as follows: COL3A1, 
COL1A1, DCN for VICs (cluster 0, 1, 2, 5, 7, 8); CD14, 
LYZ, ITGAM for monocytic cells (cluster 3, 4); CD2, 
CD3D for lymphocytes (cluster 6); PECAM1, CDH5, 
CLDN5 for endothelial cells (ECs) (cluster 9); CPA3, 
CMA1, KIT for Mast cells (cluster 10) [23, 24, 37]. The 
expression differences of the selected marker genes in 
each cell type were demonstrated through statistical 
quantification (Fig. 1c).

In our specimens, VICs (72.64%) accounted for the 
highest proportion among all cell types, followed by 
monocytic cells (19.52%), lymphocytes (6.23%), ECs 
(1.28%) and Mast cells (0.33%) (Fig.  1d). We com-
pared the distribution of each cell type within different 

specimens (Fig.  1d-e). The number of VICs had little 
variation among 4 specimens. Monocytic cells slightly 
increased, while lymphocytes and mast cells significantly 
rose in ca03, which was the severely calcific specimen. 
In consistent with previous research, the proportion of 
monocytic cells was much higher than other immune cell 
types.

In particular, we have identified the presence of mast 
cells in BAV, which was not previously reported in single-
cell studies of CAVD [9]. Histological studies in recent 
years have also identified CD117+ mast cells [38], but 
their involvement in CAVD is poorly understood. Our 
sequencing results show that the number of mast cells 
is very low, accounting for only 0.33%, and their role in 
valve calcification requires further investigation.

VIC and stromal cells exhibited significant heterogeneity
Based on UMAP analyses, we further identified 13 cell 
populations among 30,531 stromal cells (VIC & EC) by 
UMAP analysis (Fig.  2a). 3-dimentional (3D) UMAP 
reduction with spatial structures was demonstrated to 
help us further explain the heterogeneity among these 
cells (Fig.  2b). Stromal cells, especially VIC, had great 
complexity. Top 5 markers of each cluster were shown 
in Supplementary Fig. 4 . Correlation plot of subclusters 

Fig. 1  scRNA-seq and major cellular constitution of human stenotic BAV tissues. (a) scRNA-seq experiment used 4 specimens (1 non-calcified and 3 
calcified specimens) surgically removed from aortic valve stenosis patients with BAV. (b) UMAP plot from scRNA-seq data of 4 specimens surgically 
removed from aortic valve stenosis patients. Data represent n = 41,305 cells. We found 5 major cell types: valvular interstitial cells (VIC), monocytic cells, 
lymphocytes, endothelial cells (EC), mast cells (Mast). (c) Expression patterns of selected markers to annotate major cell types. (d-e) The distribution of 
each subcluster in specimens. (f) Important markers of major cell types presented as feature plot (COL3A1 for VIC, PECAM1 for EC, CD14 for monocytic 
cells, CD3D for lymphocytes and CPA3 for mast cells)
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(sC) based on top 1,000 highly variable genes demon-
strated similarities among subclusters (Fig. 2c).

We selected specific cell markers for each subclus-
ter from their highly expressed genes (Fig.  2d). We first 
discovered EGR1+VIC (sC0), the largest subpopulation 
in VICs. Upon examining its gene expression, we found 

high expression levels of EGR1, FOB, and HSP fam-
ily proteins, which are characteristic proteins of early 
responses, indicating that these cells are activated VICs. 
In contrast, the adjacent CXCL12+VIC (sC1) exhibited 
a static fibroblast-like expression profile without specific 

Fig. 2  Subcluster of stromal cells in BAV. (a) UMAP projection showing 13 subclusters of stromal cells (VICs and EC), and cell distribution in different 
specimen. Data represent n = 30,531 stromal cells. (b) Visualization of 3D projection of UMA plot. (c) Spearman correlation analysis based on top 1000 
highly variable genes. (d) Stacked violin plot showing selected marker genes of each monocytic subcluster. (e) RNA velocity plot of stromal cells and (f) 
cellular latent time calculated via dynamic modeling. (g) GSEA plots indicated calcification associated processes were activated in POSTN+VIC (sC6). (h) 
Dot plot of GSEA results indicated response to interleukin-1 were activated in CCL2+VIC (Sc7). (i) GSEA plots indicated angiogenesis associated processes 
were activated in RGS5+VIC (sC9)
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upregulated molecules, and we referred to them as static 
VICs.

Populations sC2, sC4, sC6 and sC8 had significant 
expressions of collagens and ASPN, an osteo/chon-
droblastic marker [39], were defined as COMP+VIC, 
ELN+VIC, POSTN+VIC and PRG4 + VIC respectively. 
Since POSTN (periostin) and COMP (chondrogenic 
oligomeric protein) are important ingredients in bone 
and cartilage, these populations might be the osteoblastic 
or chondroblastic VICs in calcific valves. RNA velocity 
analysis using a dynamical model [29] served as addi-
tional evidence supporting the assumption: COMP+VIC, 
ELN+VIC and POSTN+VIC distributed at the end of the 
arrows (Fig.  2e, Supplementary Fig.  5 ), and their latent 
time was the highest (Fig. 2f ), which indicated that they 
were probably transdifferentiated from other VICs. Gene 
set enrichment analysis (GSEA) of POSTN+VIC revealed 
that calcification-associated biological processes, includ-
ing ossification and bone development, were significantly 
activated (Fig. 2g). These subclusters (sC2, sC4, sC6 and 
sC8) were defined as Osteoblastic VIC.

The sC10, defined as ACTA2 + MyoFib, was found 
to exhibit elevated expression levels of collagens and 
ASPN. Consistent with the current understanding of 
CAVD, which suggests that myofibroblast/osteoblast 
differentiation of VICs is a key mechanism underlying 
valve calcification, RNA velocity analysis indicated that 
ACTA2 + MyoFib was also one of the major destinations 
of VICs transdifferentiation (Fig. 2e-f ).

There are several newly discovered populations 
as well. GSEA showed that sC0, sC1, sC3, sC5, sC7, 
as well as sC12 were activated with different kind of 
immune response (Fig.  2h, Supplementary Fig.  6 ). For 
example, cellular responses to interleukin are activated 
in CCL2+VIC (sC7), and PTGDS+VIC (sC3) highly 
expressed prostaglandin D2 synthase. Interestingly, 
PLA2G2A+VIC (sC5) was found to be involved in both 
lipid metabolism and immune response, as evidenced 
by its high expression of phospholipase and upregulated 
immune response pathways (Supplementary Fig.  6 ). 
These populations are inflammatory VICs (sC0, sC1, sC3, 
sC7, sC12) and lipid metabolic VIC (sC5).

Our findings also revealed a previously unidentified 
population of pericytes (sC9) in BAV, identified by the 
expression of the typical pericyte marker RGS5. These 
pericytes may potentially play a role in angiogenesis 
within the aortic valves. Enrichment results also indi-
cated that angiogenesis-associated processes are sig-
nificantly activated in RGS5+Pericyte (Fig.  2i). Many 
researchers have noticed the phenomenon of neovas-
culature and intraleaflet hemorrhage (ILH) [40, 41] in 
severely calcified aortic valves. The specific mecha-
nism of neovascularization in the valve is still unclear, 
but recent studies have shown that VICs can promote 

endothelial proliferation and vascular formation in vitro, 
similar to the function of pericytes [42]. However, it was 
unclear whether pericytes exist and what their role was in 
the human valves. In our study, we identified pericytes as 
a distinct subpopulation of in BAV.

Functional diversity of endothelial cells in BAV
The integrity of the aortic valve endothelium is an impor-
tant factor in maintaining valve homeostasis [43]. Endo-
thelial dysfunction is considered one of the initiating 
factors of CAVD [44], so it is important to clarify the 
heterogeneity of endothelial cells to deepen the under-
standing of the relevant mechanisms. We further divided 
endothelial cells into 4 subpopulations based on UMAP 
projection (Fig. 3a-b). We found that the number of ECs 
was highest in the NC group, while it was significantly 
reduced in the CA group, which may be due to techni-
cal bias during sample processing. However, within the 
calcification group, we found that the more severe the 
calcification, the greater the number of endothelial cells 
(Fig. 3c), which is consistent with our existing knowledge 
of neovascularization in the valve.

Top 5 marker genes of each subcluster were pre-
sented in Supplementary Fig.  7. The correlation heat-
map (Fig.  3d) shows that the 4 subclusters of ECs have 
high overall correlation (> 0.7). Pathway analysis (Fig. 3e) 
showed that the oxidative phosphorylation pathway was 
highly activated in sC0. Combined with its high expres-
sion of many mitochondrial-related genes (Supple-
mentary Fig.  7 ), it was regulated by oxidative stress. 
Therefore, we defined sC0 as the oxidative EC. The sC1 
exhibited high expression of genes such as ACKR1, SELE, 
and EMP1, many of which are crucial adhesion mole-
cules on the surface of ECs (Fig. 3h, Supplementary Fig. 7 
). These molecules play important roles in the adhesion, 
chemotaxis, and antigen presentation processes between 
endothelial and immune cells. This subcluster can be 
classified as inflammatory EC.

The involvement of EC in oxidative stress regulation 
and immune activity has been extensively studied. While 
our analysis of sC2 and sC3 provided new insights into 
the role of VEC in valve calcification.

On the UMAP projection, sC2 and sC3 are located far 
from the main body of ECs, indicating that these two sub-
groups may undergo phenotypic transformation (Fig. 3a-
b). The KEGG pathway analysis showed that the signaling 
pathways regulating these two subclusters had similari-
ties, as we found that the PI3K-AKT and TGF beta sig-
naling pathways were both activated (Fig.  3e). These 
two pathways are key signals regulating cell differentia-
tion and EndMT. GO enrichment analysis revealed that 
these two subclusters of ECs have independent functions, 
with sC2 participating in angiogenesis and sC3 mainly 
involved in blood coagulation (Fig.  3f-g, Supplementary 
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Fig. 8 ). Therefore, we identified them as angiogenic EC 
and coagulative EC.

The inflammatory EC (sC1) were almost exclusively 
found in NC samples and rarely observed in calcified 
group, indicating that this subcluster can serve as the 
starting point for EC phenotype transformation. Based 
on this, we utilized Monocle2 for trajectory analysis 
(Fig. 3i-j) and found that sC2 and sC3 formed the same 
cell fate (cell fate 1). Although they have functional differ-
ences, they may have undergone similar transformation 
processes. Further analysis revealed that EndMT-related 
genes were significantly upregulated during the cell fate 1 
transition as determined by pseudotime analysis (Fig. 3k). 
For example, CXCL12 is a factor derived from stromal 
cells, while S100A4 (Fibroblast specific protein 1) is a 
key transcription factor involved in the regulation of the 
EndMT process.

Lymphocytes significantly increased in severe calcification
Immune cells play an important role in the occurrence 
and development of valve calcification. We first explored 
the types and functions of lymphocytes in BAV. Based 
on UMAP projection, we re-analyzed 2590 lymphocytes 
and obtained 6 subclusters (Fig.  4a-b). Lymphocytes 

were almost exclusively detected in the severe calcifica-
tion (CA3) specimen, with low numbers in the NC and 
mild calcification specimens (Fig. 4c). This suggests that 
lymphocytes may participate in the remodeling of the 
immune microenvironment in the late stage of valve cal-
cification, rather than in the early stage.

Top 5 marker genes of each subcluster were presented 
as a heatmap (Fig.  4d). The correlation heatmap shows 
that the expression profiles of sC0, sC3, sC1, and sC2 
subclusters have some similarities, while sC4 and sC5 
differ significantly from other subclusters (Fig. 4e). Both 
sC0 and sC3 exhibit high expression of IL7R (Fig.  4g), 
which is a marker of CD4+ T cells. Enrichment analysis 
also indicates that these two cluster of cells are involved 
in B cell activation (Supplementary Fig.  9) and MHC-II 
molecule binding (Fig.  4f ), indicating their function as 
helper T cells. The sC3 subcluster shows high expression 
of FOS, JUN, and HSP family molecules (Fig. 4g), which 
are markers of stress response, and we refer to these 
cells as stressed T cells. sC1 was a special T cell popula-
tion, expressing both T cell marker and stromal markers, 
including DCN, COL1A2 and CLU. This subcluster was 
also identified in non-diseased valves [45], as remodeling 
T cell.

Fig. 3  Functional diversity of endothelial cells. (a) UMAP plot showing 4 subclusters of EC. Data represent n = 535 ECs. (b) Visualization of 3D projection of 
UMAP plot. (c) The distribution of each subcluster in specimens. (d) Spearman correlation analysis based on top 1000 highly variable genes. (e) Enriched 
KEGG pathways in different subclusters. (f) GSEA plots showing biological process of angiogenesis was activated in sC2. (g) GSEA plots showing biologi-
cal process of blood coagulation was activated in sC3. (h) Dotplot showing selected marker genes of each EC subcluster. (i-j) Trajectory and pseudotime 
of ECs on DDRTree projection (inferred using Monocle2). (k) EndMT related genes were upregulated in cell fate 1
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The sC2 subcluster also exhibits strong immune activ-
ity, with highly activated chemokine-related signal-
ing pathways (Fig. 4f, Supplementary Fig. 9 ). It showed 
high expression levels of natural killer (NK) cell markers, 
including KLRD1, NKG7, and GNLY, indicating that this 
subcluster is NK cells. The sC4 exhibited high expression 
of CD79A and MS4A1, which are typical B-cell mark-
ers, and was capable of synthesizing immunoglobulin M 

(IGHM), suggesting it may be partially activated plasma 
cells (Fig. 4G). We currently identified this subcluster as 
B cells.

Interestingly, we also found a small population of T cells 
that were almost exclusively present in specimen with 
severe calcification. These cells were rare, accounting for 
only 2.6% of all lymphocytes (Fig. 4g). Unlike other T cell 
subsets, these cells exhibited immunosuppressive activity 

Fig. 4  Re-clustering of immune cells in BAV. (a) UMAP plot showing 6 subclusters of lymphocytes. Data represent n = 2590 lymphocytes. (b) Visualization 
of 3D projection of UMA plot. (c) The distribution of lymphatic subclusters in specimens. (d) Top 5 marker genes of lymphatic subclusters generated using 
Seurat. (e) Spearman correlation analysis of lymphatic transcriptomes based on top 1000 highly variable genes. (f) GO enrichment analysis of lymphatic 
subclusters. (g) Selected markers for each subcluster represented as dot plot. (h) UMAP plot showing 6 subclusters of monocytic cells. Data represent 
n = 8063 monocytic cells. (i) Visualization of 3D projection of UMA plot. (j) The distribution of each subcluster in specimens. (k) Spearman correlation 
analysis based on top 1000 highly variable genes. (l) Stacked violin plot showing selected marker genes of each monocytic subcluster. (m) GSEA plots 
showing ECM organization and calcification related processes were activated in ACTA2+MDSC (sC3)
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and expressed high levels of inhibitory molecules such as 
NFKB1 and NFKBID. They were likely regulatory T cells, 
and we here referred to them as suppressive T cells. The 
emergence of suppressive T cells may be the result of the 
body’s attempt to achieve homeostatic regulation under 
high levels of inflammation in severely calcified BAV.

Subclusters of monocytic cells and macrophage derived 
stromal cells in BAV
Next, we re-clustered the 8063 monocytic cells into 6 
subclusters (Fig. 4h-i). The distribution of all the subclus-
ters in each specimen was shown in Fig. 4j. The spearman 
correlation of top 1,000 most variable genes indicated 
sC0, sC1 and sC2 were closely related, while other sub-
clusters seemed to be relatively independent (Fig.  4k). 
Top 10 marker genes generated by Seurat FindMarkers 
function were demonstrated as a heatmap (Supplemen-
tary Fig. 10). We assigned selected marker genes of each 
subclusters to biologically annotate these subclusters 
based on their specific highly expressed genes (Fig.  4l, 
Supplementary Fig. 11).

Firstly, we confirmed all the monocytic subclusters 
expressing typical monocyte and macrophage mark-
ers CD14 and CD68 (Fig. 4l). Among all the subclusters, 
sC5 was recognized as proliferating macrophages for 
high expression of cell cycle genes TOP2A and MKI67. 
sC0 and sC4 were IL1B+ Mac (M1-like macrophages), 
expressing inflammatory cytokines TNF and IL1B. 
PLAUR is a gene encoding a monocyte activation antigen 
[46] (Urokinase Plasminogen Activator Surface Receptor, 
uPAR). sC4 was defined as PLAUR+ IL1B+ Mac, show-
ing the strongest pro-inflammatory properties among 
all subclusters. While sC0, rarely expressing PLAUR, 
was defined as PLAUR- IL1B+ Mac (Fig. 4l). IL1B+ Macs, 
especially PLAUR+ IL1B+ Mac, increased dramatically 
in severe calcification group compared to mild ones 
(Fig.  4j). sC1 and sC2 were MRC1+ Mac (M2-like mac-
rophages), highly expressing CD163 and MRC1 (alias 
CD206). The expression profiles of sC1 and sC2 were very 
similar, with limited differences in expression levels of 
certain genes. We defined them as LYVE1hiMRC1+Mac 
and LYVE1loMRC1+Mac respectively (Fig.  4l, Sup-
plementary Fig.  11). LYVE1loMRC1+Mac slightly 
increased in severely calcified valve, while the percent-
age of LYVE1hiMRC1+Mac remained stable across 4 
specimens (Fig.  4j). In addition, although no osteoclast 
subpopulation was identified, we observed elevated 
expressions of osteoclastic markers (CTSK, ACP5) in 
LYVE1hiMRC1+Mac (Supplementary Fig. 12).

To our surprise, sC3 was a special monocytic subclus-
ter, expressing both monocytic markers (CD14, CD68 
etc.) and mesenchymal markers (COL1A1, ACTA2 etc.). 
It was defined as ACTA2+MDSC (Macrophage-Derived 
Stromal Cells) (Fig.  4l). Interestingly, GESA results 

showed biological processes of ECM organization and 
skeletal system development were significantly activated 
(Fig.  4m). Therefore, we assumed ACTA2+MDSC prob-
ably play an important role in the calcification of BAVs. 
Other GSEA results were organized in Supplementary 
Fig. 13.

CD68 and α-SMA co-expressing cells were present in 
calcific BAVs
To identify whether ACTA+MDSC really exists in BAV, 
we conducted tissue immunofluorescence. Results 
showed that the number of CD68 and α-SMA co-express-
ing cells was elevated in the calcific and ILH areas (Sup-
plementary Fig. 14), suggesting that MDSC were present 
in calcific BAVs. To further determine the presence of 
ACTA+MDSCs in TAV, we conducted a re-analysis of a 
previously published scRNA-seq dataset [9] consisting of 
two healthy and four calcified aortic valves (Fig. 5a, Sup-
plementary Fig. 15). After we identified major cell types, 
we re-clustered monocytic cells in the previous data-
set (Fig. 5b). The transcriptional expression levels of key 
genes were visualized in Fig.  5c. Notably, all monocytic 
cell subclusters expressed IL1B, indicating a strong pro-
inflammatory capacity of macrophages, while none of the 
subclusters were found to express mesenchymal markers. 
Thus, no MDSC population was identified in this dataset.

RNA velocity and monocytic lineage trajectory analyses 
revealed macrophage-to-mesenchymal transition
In this part, we performed RNA velocity on the UMAP 
projection firstly. The percentages of spliced RNA in each 
subcluster were shown in Supplementary Fig.  16a-b. In 
the velocity graph (Fig.  5d-e), LYVE1hiMRC1+Mac was 
placed at the start point of monocytic lineage and had a 
potential of transition to pro-inflammatory state. Based 
on the directed velocity graph, the velocity pseudotime 
was computed, which implicitly infers the root cells 
(Fig. 5d). Plots of velocity length and velocity confidence 
calculated by scVelo was demonstrated in Supplementary 
Fig. 16c-d. PAGA graph abstraction [47], a top-perform-
ing method for trajectory inference, was conducted to 
provide a map of the data topology with weighted edges 
corresponding to the connectivity between two subclus-
ters (Fig.  5f ). Results indicated that MRC1+Macs pos-
sessed the tendency to transdifferentiate to IL1B+ Macs 
and MDSCs.

To further confirm the underlying transition, we then 
used Monocle2 to rearrange the cells and build another 
trajectory based on the DDRTree projection (Fig. 5g). It 
was determined that the cells matched 3 potential dif-
ferential branch point, but only one point formed a com-
plete branch and separated all cells into 3 distinct states: 
a pre-branch and two cell fates (Fig.  5g). It was obvi-
ous that MRC1+Macs, especially LYVE1hiMRC1+Mac, 
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spread over the pre-branch. The facets of the plot showed 
that two subclusters of IL1B+ Macs gathered at cell fate 
1 while MDSC distributed at cell fate 2 (Supplemen-
tary Fig. 16e). Consistent with RNA velocity, the results 
offered profound evidence that MRC1+Macs in calcific 
aortic valves might undergo a two-way transition: classi-
cal M1 polarization and MMT.

Interestingly, when we tried to perform a trajectory 
analysis on the non-calcified specimen (NC) indepen-
dently, MDSCs did not form an explicit branch in the 
trajectory (Supplementary Fig. 16f ). To study the reasons 
for this difference, we calculated the differential expres-
sion genes (DEGs) of MDSCs (CA vs. NC) and then per-
formed gene ontology analyses (Supplementary Fig. 16g). 
Mitochondrial respiratory chain was active in calcific 

Fig. 5  Trajectory analysis identified MMT in bicuspid CAVD. (a) a re-analysis of previously published CAVD dataset. (b) Subclusters of monocytic cells in 
previous dataset. (c) Examine selected genes in different subclusters of monocytic cells. Data indicated that MDSC subpopulation was not identified in 
previous CAVD dataset. (d) Velocity graph of monocytic cells based on UMAP projection. The arrows on the graph indicates the future states of the cells 
inferred by RNA velocity. (e) Velocity pseudotime plot. (f) PAGA graph based on RNA velocity. Lines with arrows indicate high probability of transition. 
(g) Pseudotime trajectory computed by Monocle2. Trajectory showing 3 major branches (1 pre-branch and 2 cell fates). (h) Branched heatmap show-
ing gene expressions change as pseudotime goes. DEGs was clustered into 3 groups. (i) The group of MMT genes was used to conduct gene ontology 
(GO) enrichment. ECM organization and ossification processes were enriched. (j) The expression dynamics of representative genes in branched cell fates
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valves while biological processes related to immune 
function were downregulated, and myoblast prolifera-
tion genes were upregulated. We supposed that MDSCs 
in calcific valves evolved into a phenotype with stronger 
mesenchymal properties through MMT and participated 
in calcification formation.

Differential gene expression patterns in branched cell 
fates were analyzed using a clustering heatmap (Fig. 5h). 
As expected, pro-inflammatory genes gradually increased 
in M1 polarization (cell fate 1) over pseudotime. The 
group of genes rising in MMT (cell fate 2) was marked 
as MMT genes (Fig.  5h). To precisely annotate the bio-
logical functions of MMT genes, we applied enrichment 
analyses of gene ontology (Fig.  5i). MMT genes was 
highly enriched to ECM organization, ossification, and 
muscle system process etc. ACTA2 (encoding α-smooth 
muscle actin, α-SMA), a myofibroblast and EMT (endo-
thelial-to -mesenchymal transition) marker, upregulated 
when MMT happened. ECM composition COL1A1, 
ASPN, POSTN significantly increased. Another impor-
tant gene is TIMP1, a potent inhibitor of Matrix metal-
loproteinases (MMPs), whose rise will exacerbate ECM 
accumulation.

Current studies suggest that osteoblast-like cells 
(OBLC) in calcified valves mainly come from the trans-
differentiation of VICs, while recently, a study specu-
lated that M2 macrophages (MRC1+Mac) might be one 
of the sources of OBLC for observing the co-expression 
of MRC1 and BMP2 in human calcific aortic valves  [48]. 
Such phenotype of macrophages is similar to MDSCs 
we reported here. Moreover, scRNA-seq profile showed 
osteogenic markers BMP2, ASPN, POSTN were upregu-
lated as MMT developed, indicating osteogenic potential 
of MDSCs (Fig. 5j).

Cellular interaction network within BAV constructed via 
cellchat
To better understand the interactions between differ-
ent cell types in BAV, we performed cell communication 
analysis using the Cellchat software. The results showed 
that the cellular interaction network in BAV is highly 
complex, including interactions between multiple cell 
types (Fig. 6a). In this network, the autocrine secretion of 
VICs and the interaction between VICs and macrophages 
are the most significant, which means VICs and macro-
phages consisted the core of this network. The network 
of different cell types involved in different signal interac-
tions are presented in the form of bubble diagrams (Sup-
plementary Fig. 17).

To explore the strength of signaling interactions among 
different cell subpopulations, we found that osteogenic 
VICs (POSTN+VIC and ELN+VIC) had the highest sig-
nal strength, while macrophages had the highest sig-
nal reception strength, further indicating that VICs and 

macrophages are the core of the interaction network 
(Fig.  6b). We also performed clustering analysis of the 
interaction structures of various pathways in the BAV 
signaling network, which allows us to infer their potential 
effects and facilitates further investigation of specific sig-
nals in the future (Fig. 6c).

After analyzing each sample individually, we compared 
the interaction signals between samples with severe and 
mild calcification. We examined the changes in signal 
strength in severe calcification to infer their correlation 
with valve calcification. We found that ICAM, CXCL, 
PECAM1, THY1, TNF, VEGF, ITGB2, and MK signals 
were significantly elevated in severe calcification, while 
CDH5, CALCR, ESAM, CSF, SPP1, RESISTIN, PARs, 
and MIF signals were almost exclusively detected in 
severe calcification (Fig. 6d). These data suggest that the 
aforementioned signals may be associated with the exac-
erbation of BAV calcification.

MDSC phenotype was involved in BAV calcification
Our analysis revealed that MDSC exhibited a robust 
activation of the ITGB2 (integrin β2) signaling pathway 
(Fig. 6e), which is capable of exerting influence on inflam-
matory VICs (CCL2+VIC), activated VIC (EGR1+VIC) 
and immune cells (Fig.  6f ). This interaction primarily 
based on ITGB2-ICAM1 L-R (Ligand-Receptor) pair 
(Fig. 6g). Given that dysregulation of integrin signaling is 
associated with ECM remodeling of VICs [11], it is plau-
sible that the MDSC population may promote the pro-
gression of BAV calcification.

To further evaluate the MDSC phenotype, we 
employed multiplex immunofluorescence to detect the 
co-expression of α-SMA, MRC1, and BMP2 (Supplemen-
tary Fig.  18). Cells exhibiting co-expression of α-SMA, 
MRC1, and BMP2 were identified as MDSCs, possess-
ing the ability of myofibroblast/osteoblast transdiffer-
entiation. The co-expression of MRC1 and α-SMA was 
clearly demonstrated in both the orthographic view 
and 3D reconstruction of z-stack scans. (Fig.  6h-i). Our 
results revealed a slight increase in both MRC1+Mac and 
α-SMA+MRC1+BMP2+MDSCs in calcified areas, and a 
significant increase in these cell populations in areas with 
ILH (Fig. 6j-k).

Macrophages can adopt a MDSC phenotype in vitro
U937 cells are widely used in CAVD [49, 50] and vari-
ous macrophage-related research [51, 52]. To investi-
gate whether MRC1+ macrophages can acquire a MDSC 
phenotype in vitro, we firstly induced U-937 cells into 
MRC1+ macrophages (Supplementary Fig.  19a-b) and 
then stimulated the cells with osteogenic medium (OM) 
to create a calcification microenvironment.

After 7 days of osteogenic medium (OM) induction, 
we evaluated mRNA levels (Fig.  7a) and protein levels 
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(Fig.  7b, Supplementary Fig.  19c-j) of crucial molecules 
and presented quantitative analysis results. The mesen-
chymal marker S100A4 was found to be elevated (Sup-
plementary Fig.  19c). Myofibroblastic marker (α-SMA) 
and osteogenic markers (RUNX2 and Osteopontin) 
were significantly upregulated (Supplementary Fig. 19d-
f ). MMPs and TIMPs are important regulators of ECM 
organization, and the imbalance of their system has been 
reported to be positively associated with CAVD [53–55]. 
We found that MMP9 expression level mildly decreased 
(Supplementary Fig.  19j), while MMP2 expression level 

showed no differences between groups (Supplementary 
Fig. 19i). However, both MMPs potent inhibitors TIMP1 
and TIMP2 (Supplementary Fig.  19g-h) were upregu-
lated obviously. Collectively, these results suggest that 
not only did MDSCs possess the potential of myofibro/
osteoblastic transition, but they also aggravated ECM 
accumulation.

Furthermore, we discovered that there was a corre-
lation between the length of incubation time and the 
morphology of MRC1+Mac. Specifically, we observed 
a transformation from a macrophage with typical 

Fig. 6  Cellular interaction network conducted using Cellchat. (a) Cell-cell communication among major cell types inferred using Cellchat. (b) Dotplot 
showing incoming and outgoing interaction strength of all cell types. (c) Principal component analysis showing functional clusters of all signaling path-
ways. (d) Relative information flow (Severe vs. Mild calcification) of all detected cell-cell communications. (e) A heatmap of outgoing signal strength from 
all cell types. ACTA2 + MDSC released strong ITGB2 signal. (f) Signaling patterns of ITGB2. ITGB2 signaling from ACTA2 + MDSC can exert strong influence 
on EGR1+VIC (activated VIC) and CCL2+VIC (Inflammatory VIC). (g) The relative contributions of different L-R (Ligand-Receptor) pairs of ITGB2 signaling 
pathway. (h) The orthographic view of z-stack scans of a calcific aortic valve section showing MRC1 and α-SMA co-expressing cells. (Scale bar: 20 μm) 
(i) The 3D view of a representative section. (j-k) Quantitative results of MRC1+cells (j) and α-SMA+MRC1+BMP2+cells (k). Numbers of certain cells were 
manually counted, areas of sections with tissue were measured using Image J
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pseudopodia to a spindle-shaped stromal morphology 
(Fig.  7c, Supplementary Fig.  19k). To provide concrete 
evidence of calcium deposition, we conducted calcium 
measurement assays to quantitatively assess the levels 
of cellular calcium. Our results indicated that calcium 
content gradually increased as the induction days in OM 
increased (Supplementary Fig. 19l). Alizarin red staining 
revealed a marked increase in calcification after 14 days 
of OM culture (Supplementary Fig. 19m).

Single-cell regulatory network inference and clustering 
analysis identified crucial regulators of MMT
To examine the transcription factors (TFs) contributing 
to MDSCs cell fate determination, we applied single-cell 
regulatory network inference and clustering (SCENIC) 
analysis. Top 10 regulons of each subcluster were dem-
onstrated as a heatmap (Fig. 7d). Expression levels of TFs 
generated by Monocle2 were used to verify whether the 
individual TFs had branched expression trends (upregu-
lated in MMT and downregulated in classical M1 polar-
ization) (Fig.  7e). Among the 10 regulons inferred in 
MDSCs, there were 3 TFs (ZNF853, GATA5, MKX) 
hardly detected in transcriptome, and another 3 TFs 
(GATA4, IRF6 and SRF) did not have branched expres-
sion trends. The rest TFs (AR, FOXC1, NFIB and SOX9) 
were more likely to be essential regulators involved in 
MMT.

RT-qPCR was utilized to analyze the upregulation 
of specific TFs following OM induction (Fig.  7f ). SOX9 
was scarcely detectable due to its low expression, while 
AR and NFIB exhibited no time-dependent changes in 
expression levels. In contrast, FOXC1 levels gradually 
increased with prolonged culture time, indicating that 
FOXC1 may play a crucial role in regulating MMT. The 
protein level of FOXC1 also increased following OM 
induction (Fig. 7g), consistent with the observed trend in 
mRNA levels.

Besides, GSEA analysis of KEGG pathways indi-
cated that PI3K-AKT signaling pathway was activated 
in MDSC (Fig.  7h, Supplementary Fig.  13). Then WB 
results showed that phosphorylation levels of AKT in 
MRC1+Mac upregulated after 7 days induction in OM 
(Fig.  7i, Supplementary Fig.  20a). Studies have shown 
that forkhead box family proteins [56] are related with 
PI3K-AKT signaling pathway, and FOXC1 might be an 
upstream regulator of AKT phosphorylation [57, 58]. 
We used small interfering RNA (siRNA) of FOXC1 to 
silencing its expression. Results showed that FOXC1 was 
significantly knocked down both at mRNA and protein 
levels (Supplementary Fig.  20b-c). Western blots sug-
gested that phosphorylation level of AKT was down-
regulated, and expression levels of myofibro/osteoblastic 
markers (α-SMA, RUNX2 and Osteopotin) decreased 
after silencing of FOXC1 (Fig.  7j). Alizarin red staining 

detected a significant reduction of calcification in si-
FOXC1 group (Fig.  7k-l). These results suggested that 
silencing of FOXC1 suppressed PI3K-AKT pathway and 
rescued MMT in vitro.

Discussion
CAVD was once thought to be a passive degenera-
tive disease, but more studies now support that it is an 
active process driven by interactions among resident cell 
populations and infiltrating immune cell populations. 
Underlying mechanisms could be complicated includ-
ing abnormal lipid metabolism, oxidative stress, inflam-
matory response, ECM remodeling [44]. Obtaining a 
detailed cell atlas and correctly identifying the hetero-
geneity of valve cells is a prerequisite for further explor-
ing potential mechanisms. Based on this, we can further 
investigate cell developmental trajectories and cellular 
interactions at the single-cell level. Currently, research 
has preliminarily revealed that the interaction between 
the resident cell population and infiltrating immnue cell 
population [9, 59] in the valve can promote the osteo-
genic differentiation of VICs, leading to valve leaflet cal-
cification, thickening, and dysfunction [44]. However, 
the heterogeneity of aortic valve cells needs to be further 
elucidated.

Our study addresses two major issues. Firstly, as an 
important etiology of aortic valve calcification, BAV 
deserves further investigation. Due to the developmen-
tal abnormality during valve formation, the cell com-
position of BAV and TAV is likely to differ. We have 
revealed the cell atlas of BAV, filling this gap. Secondly, 
previous single-cell sequencing studies did not take cal-
cification levels into consideration, making it difficult to 
obtain comprehensive cellular composition information 
of late-stage valve calcification. Xu et al. utilized scRNA-
seq to provide evidence for the involvement of EndMT 
in the pathogenesis of CAVD [9]. They did not provide 
calcification score data of specimens, and based on the 
figure in their paper, the specimens did not show signifi-
cant thickening and calcification. Moreover, their study 
mainly focused on EndMT and did not perform detailed 
clustering or further analysis of immune cells [9]. Lee et 
al. performed single-cell sequencing on mouse models, 
revealing the cellular heterogeneity of aortic valve calci-
fication in mice [12]. They used a hyperlipidemia model 
(ApoE-/- and Ldlr-/- mice with western diet) to induce 
CAVD. This model typically does not result in high aor-
tic valve blood velocity and is often utilized to study the 
early stages of calcification. Therefore, their research 
focused on the immunomodulation during hyperlipid-
emia. In our research, specimens with different levels of 
calcification were used to obtain a more complete picture 
of calcified valves.
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We identified many cell types in BAV that were not 
previously recognized. In the stromal cells, we identified 
VIC subtypes directly involved in inflammatory activi-
ties. Additionally, we proposed the existence of pericytes 
in BAV, which is consistent with a previous in vitro study 

[42]. As to the immune cells, we identified mast cells and 
clustered lymphocytes in BAV, which provides a detailed 
cell atlas for future research. Based on RNA velocity 
and trajectory analyses, we explored monocytic lineage 

Fig. 7  In vitro studies and SCENIC analysis identified crucial regulators of MMT. (a) mRNA levels of selected markers (fibro/osteoblastic markers and ECM 
related proteins). Data was normalized as log2(FC + 1). FC: fold change to control. (b) Representative western blot images of fibro/osteoblastic markers 
and ECM related proteins. MRC1+Macs were incubated in OM for 7 days. (n = 5,5 for GM, OM) (c) Representative images of immunofluorescence after 
MRC1+Mac incubated in OM for 3 or 7 days. Anti-MRC1: green, anti-α-SMA: red, DAPI: blue. Scale bar: 200 μm. (d) Heatmap of the mean value of area under 
the recovery curve (Aucell) value of expression regulation by the transcription factors, as estimated using SCENIC. The top 10 transcription factors genes 
(TFs) of each subcluster were shown. (e) The expression dynamics of top 10 TFs in MDSC. GATA5, MKX, ZNF853 were hardly detected in transcriptome. (f) 
RT-qPCR examined AR, FOXC1 and NFIB mRNA levels changes after OM incubation of MRC1+Mac. (n = 4 for each group) (g) The protein levels of FOXC1 
in MRC1+Mac after OM incubation. (h) GSEA plot showing PI3K-AKT signaling pathway is significantly activated in MDSC. (i) The phosphorylation levels 
of AKT upregulated in vitro after OM induction. (j) The proteins levels of myofibro/osteoblastic markers and PI3K-AKT pathway after treatments of OM an 
si-FOXC1 transfection. (k) Representative images of alizarin red staining of each group. (l) The quantitative results of alizarin red staining (n = 6)
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in BAV, provided more evidence that macrophages can 
switch to a pro-inflammatory state in calcified BAV.

More importantly, we discovered the presence of 
MDSC phenotype and potential mechanism of MMT 
which might be involved in bicuspid CAVD. Although 
macrophages in valves expressing stromal markers have 
been reported previously, they did not delve into their 
origin and function. Shu et al. collected non-calcified 
cardiac valves from end-stage heart failure patients to 
conduct scRNA-seq analysis [45]. Interestingly, a sub-
population of macrophages expressing the mesenchymal 
markers MGP, COL1A2, and DCN was also found in this 
study, which the researchers named as remodeling mac-
rophages [45]. This subpopulation is very similar to the 
MDSCs in our study. Although osteogenic markers were 
not significantly elevated in the remodeling macrophages, 
it is possible that this result was due to the fact that only 
non-calcified valves were included in the study [45]. 
While trajectory analysis was not performed on the mac-
rophage lineage by Shu et al. [45], we could tentatively 
infer that this subpopulation might have similarities in 
origin to the MDSCs in our research.

The term MMT was first introduced by Nikolic-Pat-
erson et al. to describe the conversion of monocytes to 
myofibroblasts in renal fibrosis [60]. Since then, Wang et 
al. have demonstrated, through lineage-tracing mice, that 
macrophages can exacerbate renal fibrosis by developing 
MMT [20]. Moreover, MMT has also been reported in 
studies of pulmonary fibrosis [61] and pancreatitis [22]. 
However, MMT has received limited attention in car-
diovascular disease research. Haider et al. reported that 
macrophages can convert into fibroblast-like phenotypes 
after myocardial infarction, playing a role in post-infarc-
tion repair [21]. In the context of CAVD, Oba et al. found 
that many M2 macrophages (MRC1+Mac) co-expressed 
the osteogenic marker BMP2 through histological studies 
[48]. Nevertheless, there is insufficient evidence to prove 
that macrophages are one of the sources of OBLCs in the 
calcific aortic valves. Through a combination of scRNA-
seq analysis, histopathological assays, and in vitro vali-
dation, we provided evidence for MMT involvement in 
BAV calcification and further characterize the phenotype 
of MDSCs.

The role of MRC1+Mac in the progression of CAVD 
has been underappreciated. Recent studies have revealed 
that TGF-β released by MRC1+Mac can promote the 
osteogenic transdifferentiation of VICs [62, 63]. Our 
results showed that the number of MRC1+Mac increased 
with aggravation of valvular calcification. Therefore, we 
assumed that the role MRC1+Mac played in CAVD pro-
gression could not be neglected. In our study, by apply-
ing RNA velocity and trajectory analysis techniques, we 
found that MRC1+Mac in the calcific valves obtained a 
tendency to shift towards a pro-inflammatory state, and 

also had the potential to transdifferentiate into myofibro/
osteoblasts, consistent with previous studies on MMT 
related to kidney and lung [61, 64, 65]. Recent stud-
ies also have reported that osteoclast-like cells (OCLCs) 
existed in calcific aortic valves [66, 67], however the ori-
gin of these cells was unclear. In atherosclerotic plaques, 
OCLCs with impaired capacity of mineral uptake 
derived from M2 macrophages was observed around 
calcific deposits [68]. Although we did not identify a 
distinct population of osteoclasts via scRNA-seq, we 
could still make an assumption that MRC1+Mac, espe-
cially LYVE1hiMRC1+Mac, probably be a main source 
of OCLCs in calcific aortic valves for the expression of 
CTSK and ACP5 (TRAP). Collectively, we proposed that 
MRC1+Mac could directly remodel the ECM, and the 
phenotype of MDSC could be one of the sources of myo-
fibroblasts, OBLCs and OCLCs in calcific aortic valves.

Several limitations should be acknowledged in our 
study. Firstly, since no normal BAV sample was obtained, 
we used stenotic aortic valve specimen with no calcifica-
tion instead of non-diseased valves as control. Secondly, 
scRNA-seq of calcified BAV specimens is challenging 
(Supplementary Video 2), and therefore we used a rela-
tively small sample size for single-cell sequencing. If we 
could detect more biological replicates, our conclusions 
would be more reliable. Thirdly, many cell types have 
not been histologically validated, and more work need to 
be conducted for further research. Although we did not 
identify a MDSC population in TAV dataset, it does not 
necessarily indicate that this phenotype does not exist 
in TAV calcification. The outdated reagents and instru-
ments used for sequencing in the previous dataset may 
have resulted in some transcripts not being detected 
due to insufficient sequencing depth. Therefore, fur-
ther research and validation are needed for the MMT 
phenotype.

Conclusions
In conclusion, with an unbiased scRNA-seq approach, 
we provide a full spectrum of cell populations in stenotic 
BAVs. Based on the cell atlas we identified, a cellular 
interaction network was constructed. In particular, we 
identified a previously unrecognized calcification asso-
ciated MDSC population and explored the mechanism 
of MMT. The detailed scRNA-seq information can also 
serve as a rich resource for further studies of CAVD.

List of abbreviations
CAVD	� Calcific Aortic Valve Disease
BAV	� Bicuspid Aortic Valve
VIC	� Valvular Interstitial Cell
ECM	� Extracellular Matrix
scRNA-seq	� single-cell RNA sequencing
UMI	� Unique Molecular Identifier
MDSC	� Macrophage Derived Stromal Cells
MMT	� Macrophage-to-Mesenchymal Transition



Page 18 of 19Lyu et al. Biology Direct           (2023) 18:35 

UMAP	� Uniform Manifold Approximation and Projection
GSEA	� Gene Set Enrichment Analysis
TFs	� Transcription Factors
ILH	� Intraleaflet Haemorrhage
OBLC	� Osteoblast-Like Cells
GM	� Grow Medium
OM	� Osteogenic Medium
siRNA	� small interfering RNA

Supplementary Information
The online version contains supplementary material available at https://doi.
org/10.1186/s13062-023-00390-w.

Supplementary Material 1

Supplementary Material 2

Acknowledgements
We thank Dr. Mengping Chen (Shanghai Renji Hospital), Dr. Jianming Zeng 
(University of Macau), and all the members of Zeng’s bioinformatics team, 
biotranee, for generously sharing their experience and codes.

Authors’ contributions
Study design: DZ, TL. Resources: DZ, JG, YL. Data collection: TL, YL, BL. Data 
analysis: TL, RX. Data interpretation: TL, DZ, JG. Writing (original draft): TL, YL. 
Writing (review and editing): DZ, JG. Funding acquisition: DZ.

Funding
This work was supported by the National Natural Science Fund of 
China [82270375 to D.Z.]; and Shanghai Hospital Development Center 
[SHDC12020124 to D.Z.].

Data Availability
All data used for the current study are available from the corresponding 
author (zhudanmd@163.com) upon reasonable request. Raw data of scRNA-
seq will be uploaded to GEO database before acceptance of this manuscript.

Declarations

Competing interests
The authors declare that they have no competing interests.

Ethics approval and consent to participate
The utilization of human aortic valves in this study was sanctioned by 
the Human Ethics Committee of Shanghai Chest Hospital (Reference No. 
KS(Y)2200), affiliated with Shanghai Jiaotong University School of Medicine. 
In accordance with ethical standards, written informed consent was obtained 
from all participants or their legal guardians (for those under the age of 18).

Consent for publication
Not applicable.

Received: 11 May 2023 / Accepted: 21 June 2023

References
1.	 Benjamin EJ, Blaha MJ, Chiuve SE, Cushman M, Das SR, Deo R, et al. Heart 

Disease and Stroke Statistics-2017 update: a Report from the American Heart 
Association. Circulation. 2017;135:e146–603.

2.	 Bonow RO, Leon MB, Doshi D, Moat N. Management strategies and future 
challenges for aortic valve disease. Lancet Lond Engl. 2016;387:1312–23.

3.	 Bakaeen FG, Rosengart TK, Carabello BA. Aortic stenosis. Ann Intern Med. 
2017;166:ITC1–16.

4.	 Pierpont ME, Brueckner M, Chung WK, Garg V, Lacro RV, McGuire AL, et al. 
Genetic basis for congenital Heart Disease: Revisited: A Scientific Statement 
from the American Heart Association. Circulation. 2018;138:e653–711.

5.	 Roberts WC, Ko JM. Frequency by decades of unicuspid, bicuspid, and 
tricuspid aortic valves in adults having isolated aortic valve replacement for 
aortic stenosis, with or without associated aortic regurgitation. Circulation. 
2005;111:920–5.

6.	 Lindman BR, Clavel MA, Mathieu P, Iung B, Lancellotti P, Otto CM, et al. Calcific 
aortic stenosis. Nat Rev Primer. 2016;2:16006.

7.	 Steiner I, Krbal L, Rozkoš T, Harrer J, Laco J. Calcific aortic valve stenosis: 
immunohistochemical analysis of inflammatory infiltrate. Pathol Res Pract. 
2012;208:231–4.

8.	 Guauque-Olarte S, Droit A, Tremblay-Marchand J, Gaudreault N, Kalavrouzi-
otis D, Dagenais F, et al. RNA expression profile of calcified bicuspid, tricuspid, 
and normal human aortic valves by RNA sequencing. Physiol Genomics. 
2016;48:749–61.

9.	 Xu K, Xie S, Huang Y, Zhou T, Liu M, Zhu P, et al. Cell-type Transcriptome Atlas 
of Human aortic valves reveal cell heterogeneity and endothelial to mesen-
chymal transition involved in calcific aortic valve disease. Arterioscler Thromb 
Vasc Biol. 2020;40:2910–21.

10.	 Zhou Q, Cao H, Hang X, Liang H, Zhu M, Fan Y, et al. Midkine prevents calcifi-
cation of aortic valve interstitial cells via intercellular crosstalk. Front Cell Dev 
Biol. 2021;9:794058.

11.	 Majumdar U, Choudhury TZ, Manivannan S, Ueyama Y, Basu M, Garg V. Single-
cell RNA-sequencing analysis of aortic valve interstitial cells demonstrates 
the regulation of integrin signaling by nitric oxide. Front Cardiovasc Med. 
2022;9:742850.

12.	 Lee SH, Kim N, Kim M, Woo S-H, Han I, Park J, et al. Single-cell transcriptomics 
reveal cellular diversity of aortic valve and the immunomodulation by PPARγ 
during hyperlipidemia. Nat Commun. 2022;13:5461.

13.	 Lee H-L, Woo KM, Ryoo H-M, Baek J-H. Tumor necrosis factor-alpha increases 
alkaline phosphatase expression in vascular smooth muscle cells via MSX2 
induction. Biochem Biophys Res Commun. 2010;391:1087–92.

14.	 Isoda K, Matsuki T, Kondo H, Iwakura Y, Ohsuzu F. Deficiency of interleukin-1 
receptor antagonist induces aortic valve disease in BALB/c mice. Arterioscler 
Thromb Vasc Biol. 2010;30:708–15.

15.	 Galeone A, Brunetti G, Oranger A, Greco G, Di Benedetto A, Mori G, et al. 
Aortic valvular interstitial cells apoptosis and calcification are mediated by 
TNF-related apoptosis-inducing ligand. Int J Cardiol. 2013;169:296–304.

16.	 Naito Y, Tsujino T, Wakabayashi K, Matsumoto M, Ohyanagi M, Mitsuno M, et 
al. Increased interleukin-18 expression in nonrheumatic aortic valve stenosis. 
Int J Cardiol. 2010;144:260–3.

17.	 Vierhout M, Ayoub A, Naiel S, Yazdanshenas P, Revill SD, Reihani A, et al. 
Monocyte and macrophage derived myofibroblasts: is it fate? A review of the 
current evidence. Wound Repair Regen. 2021;29:548–62.

18.	 Evans S, Butler JR, Mattila JT, Kirschner DE. Systems biology predicts that 
fibrosis in tuberculous granulomas may arise through macrophage-to-myofi-
broblast transformation. PLoS Comput Biol. 2020;16:e1008520.

19.	 Meng X-M, Wang S, Huang X-R, Yang C, Xiao J, Zhang Y, et al. Inflammatory 
macrophages can transdifferentiate into myofibroblasts during renal fibrosis. 
Cell Death Dis. 2016;7:e2495.

20.	 Wang Y-Y, Jiang H, Pan J, Huang X-R, Wang Y-C, Huang H-F, et al. Macrophage-
to-myofibroblast transition contributes to interstitial fibrosis in Chronic Renal 
Allograft Injury. J Am Soc Nephrol JASN. 2017;28:2053–67.

21.	 Haider N, Boscá L, Zandbergen HR, Kovacic JC, Narula N, González-Ramos S, 
et al. Transition of Macrophages to fibroblast-like cells in Healing myocardial 
infarction. J Am Coll Cardiol. 2019;74:3124–35.

22.	 Huang X, He C, Hua X, Kan A, Mao Y, Sun S, et al. Oxidative stress induces 
monocyte-to-myofibroblast transdifferentiation through p38 in pancreatic 
ductal adenocarcinoma. Clin Transl Med. 2020;10:e41.

23.	 Bian Z, Gong Y, Huang T, Lee CZW, Bian L, Bai Z, et al. Deciphering human 
macrophage development at single-cell resolution. Nature. 2020;582:571–6.

24.	 Hulin A, Hortells L, Gomez-Stallons MV, O’Donnell A, Chetal K, Adam M et 
al. Maturation of heart valve cell populations during postnatal remodeling. 
Development. 2019;146.

25.	 Chen S, Zhou Y, Chen Y, Gu J. Fastp: an ultra-fast all-in-one FASTQ preproces-
sor. Bioinforma Oxf Engl. 2018;34:i884–90.

26.	 Smith T, Heger A, Sudbery I. UMI-tools: modeling sequencing errors in 
Unique Molecular Identifiers to improve quantification accuracy. Genome 
Res. 2017;27:491–9.

27.	 Dobin A, Davis CA, Schlesinger F, Drenkow J, Zaleski C, Jha S, et al. STAR: 
ultrafast universal RNA-seq aligner. Bioinforma Oxf Engl. 2013;29:15–21.

28.	 Butler A, Hoffman P, Smibert P, Papalexi E, Satija R. Integrating single-cell 
transcriptomic data across different conditions, technologies, and species. 
Nat Biotechnol. 2018;36:411–20.

http://dx.doi.org/10.1186/s13062-023-00390-w
http://dx.doi.org/10.1186/s13062-023-00390-w


Page 19 of 19Lyu et al. Biology Direct           (2023) 18:35 

29.	 La Manno G, Soldatov R, Zeisel A, Braun E, Hochgerner H, Petukhov V, et al. 
RNA velocity of single cells. Nature. 2018;560:494–8.

30.	 Qiu X, Hill A, Packer J, Lin D, Ma Y-A, Trapnell C. Single-cell mRNA quantifica-
tion and differential analysis with Census. Nat Methods. 2017;14:309–15.

31.	 Jin S, Guerrero-Juarez CF, Zhang L, Chang I, Ramos R, Kuan C-H, et al. Infer-
ence and analysis of cell-cell communication using CellChat. Nat Commun. 
2021;12:1088.

32.	 Aibar S, González-Blas CB, Moerman T, Huynh-Thu VA, Imrichova H, Hulsel-
mans G, et al. SCENIC: single-cell regulatory network inference and clustering. 
Nat Methods. 2017;14:1083–6.

33.	 Tao W, Chu C, Zhou W, Huang Z, Zhai K, Fang X, et al. Dual role of WISP1 
in maintaining glioma stem cells and tumor-supportive macrophages in 
glioblastoma. Nat Commun. 2020;11:3015.

34.	 Zhou J, Zhu J, Jiang L, Zhang B, Zhu D, Wu Y. Interleukin 18 promotes 
myofibroblast activation of valvular interstitial cells. Int J Cardiol. 
2016;221:998–1003.

35.	 Hafemeister C, Satija R. Normalization and variance stabilization of single-cell 
RNA-seq data using regularized negative binomial regression. Genome Biol. 
2019;20:296.

36.	 Becht E, McInnes L, Healy J, Dutertre C-A, Kwok IWH, Ng LG, et al. Dimension-
ality reduction for visualizing single-cell data using UMAP. Nat Biotechnol 
Nature Publishing Group. 2019;37:38–44.

37.	 Litvinukova M, Talavera-Lopez C, Maatz H, Reichart D, Worth CL, Lindberg EL, 
et al. Cells of the adult human heart. Nature. 2020;588:466–72.

38.	 Šteiner I, Stejskal V, Žáček P. Mast cells in calcific aortic stenosis. Pathol Res 
Pract. 2018;214:163–8.

39.	 Kizawa H, Kou I, Iida A, Sudo A, Miyamoto Y, Fukuda A, et al. An aspartic acid 
repeat polymorphism in asporin inhibits chondrogenesis and increases 
susceptibility to osteoarthritis. Nat Genet. 2005;37:138–44.

40.	 Akahori H, Tsujino T, Naito Y, Matsumoto M, Lee-Kawabata M, Ohyanagi M, et 
al. Intraleaflet haemorrhage is associated with rapid progression of degenera-
tive aortic valve stenosis. Eur Heart J. 2011;32:888–96.

41.	 Xu R, Huang Y, Zhu D, Guo J. Iron promotes Slc7a11-deficient valvular 
interstitial cell osteogenic differentiation: a possible mechanism by which 
ferroptosis participates in intraleaflet hemorrhage-induced calcification. Free 
Radic Biol Med. 2022;184:158–69.

42.	 Arevalos CA, Berg JM, Nguyen JMV, Godfrey EL, Iriondo C, Grande-Allen KJ. 
Valve interstitial cells act in a Pericyte Manner promoting Angiogensis and 
Invasion by Valve endothelial cells. Ann Biomed Eng. 2016;44:2707–23.

43.	 Fernández Esmerats J, Heath J, Jo H. Shear-Sensitive genes in aortic valve 
endothelium. Antioxid Redox Signal. 2016;25:401–14.

44.	 Goody PR, Hosen MR, Christmann D, Niepmann ST, Zietzer A, Adam M, et al. 
Aortic valve stenosis: from Basic Mechanisms to Novel therapeutic targets. 
Arterioscler Thromb Vasc Biol. 2020;40:885–900.

45.	 Shu S, Fu M, Chen X, Zhang N, Zhao R, Chang Y, et al. Cellular Landscapes of 
Nondiseased Human Cardiac valves from end-stage heart failure-explanted 
heart. Arterioscler Thromb Vasc Biol. 2022;101161ATVBAHA:122318314.

46.	 Min HY, Semnani R, Mizukami IF, Watt K, Todd RF, Liu DY. cDNA for Mo3, a 
monocyte activation antigen, encodes the human receptor for urokinase 
plasminogen activator. J Immunol Baltim Md 1950. 1992;148:3636–42.

47.	 Wolf FA, Hamey FK, Plass M, Solana J, Dahlin JS, Göttgens B, et al. PAGA: graph 
abstraction reconciles clustering with trajectory inference through a topol-
ogy preserving map of single cells. Genome Biol. 2019;20:59.

48.	 Oba E, Aung NY, Ohe R, Sadahiro M, Yamakawa M. The distribution of macro-
phage subtypes and their relationship to bone morphogenetic protein 2 in 
calcified aortic valve stenosis. Am J Transl Res. 2020;12:1728–40.

49.	 Li G, Qiao W, Zhang W, Li F, Shi J, Dong N. The shift of macrophages toward 
M1 phenotype promotes aortic valvular calcification. J Thorac Cardiovasc 
Surg. 2017;153:1318–1327e1.

50.	 Liang X, Li P, Xie W, Lin Z, Wang Z, Zeng S, et al. Febuxostat protects human 
aortic valve endothelial cells from oxidized low-density Lipoprotein-Induced 
Injury and Monocyte attachment. J Cardiovasc Pharmacol. 2022;80:861–8.

51.	 Nascimento CR, Rodrigues Fernandes NA, Gonzalez Maldonado LA, Rossa 
Junior C. Comparison of monocytic cell lines U937 and THP-1 as macrophage 
models for in vitro studies. Biochem Biophys Rep. 2022;32:101383.

52.	 Prasad A, Sedlářová M, Balukova A, Ovsii A, Rác M, Křupka M, et al. Reactive 
Oxygen Species Imaging in U937 cells. Front Physiol. 2020;11:552569.

53.	 Fondard O, Detaint D, Iung B, Choqueux C, Adle-Biassette H, Jarraya M, 
et al. Extracellular matrix remodelling in human aortic valve disease: the 
role of matrix metalloproteinases and their tissue inhibitors. Eur Heart J. 
2005;26:1333–41.

54.	 Matilla L, Roncal C, Ibarrola J, Arrieta V, García-Peña A, Fernández-Celis A, et 
al. A role for MMP-10 (Matrix Metalloproteinase-10) in calcific aortic valve 
stenosis. Arterioscler Thromb Vasc Biol. 2020;40:1370–82.

55.	 Jung J-J, Razavian M, Challa AA, Nie L, Golestani R, Zhang J, et al. Multimodal-
ity and molecular imaging of matrix metalloproteinase activation in calcific 
aortic valve disease. J Nucl Med Off Publ Soc Nucl Med. 2015;56:933–8.

56.	 Katoh M, Igarashi M, Fukuda H, Nakagama H, Katoh M. Cancer genetics and 
genomics of human FOX family genes. Cancer Lett. 2013;328:198–206.

57.	 Huang L, Huang Z, Fan Y, He L, Ye M, Shi K, et al. FOXC1 promotes proliferation 
and epithelial-mesenchymal transition in cervical carcinoma through the 
PI3K-AKT signal pathway. Am J Transl Res. 2017;9:1297–306.

58.	 Yu Z, Xu H, Wang H, Wang Y. Foxc1 promotes the proliferation of fibroblast-
like synoviocytes in rheumatoid arthritis via PI3K/AKT signalling pathway. 
Tissue Cell. 2018;53:15–22.

59.	 Raddatz MA, Madhur MS, Merryman WD. Adaptive immune cells in calcific 
aortic valve disease. Am J Physiol - Heart Circ Physiol. 2019;317:H141–55.

60.	 Nikolic-Paterson DJ, Wang S, Lan HY. Macrophages promote renal fibrosis 
through direct and indirect mechanisms. Kidney Int Suppl. 2014;4:34–8.

61.	 Yang F, Chang Y, Zhang C, Xiong Y, Wang X, Ma X, et al. UUO induces lung 
fibrosis with macrophage-myofibroblast transition in rats. Int Immunophar-
macol. 2021;93:107396.

62.	 Walker GA, Masters KS, Shah DN, Anseth KS, Leinwand LA. Valvular myo-
fibroblast activation by transforming growth factor-beta: implications for 
pathological extracellular matrix remodeling in heart valve disease. Circ Res. 
2004;95:253–60.

63.	 Munjal C, Opoka AM, Osinska H, James JF, Bressan GM, Hinton RB. TGF-β 
mediates early angiogenesis and latent fibrosis in an Emilin1-deficient mouse 
model of aortic valve disease. Dis Model Mech. 2014;7:987–96.

64.	 Tang PM-K, Zhang Y-Y, Xiao J, Tang PC-T, Chung JY-F, Li J, et al. Neural tran-
scription factor Pou4f1 promotes renal fibrosis via macrophage-myofibro-
blast transition. Proc Natl Acad Sci U S A. 2020;117:20741–52.

65.	 Liang H, Huang J, Huang Q, Xie YC, Liu HZ, Wang HB. Pharmacological inhibi-
tion of Rac1 exerts a protective role in ischemia/reperfusion-induced renal 
fibrosis. Biochem Biophys Res Commun. 2018;503:2517–23.

66.	 Nagy E, Eriksson P, Yousry M, Caidahl K, Ingelsson E, Hansson GK, et al. Valvular 
osteoclasts in calcification and aortic valve stenosis severity. Int J Cardiol. 
2013;168:2264–71.

67.	 Nagy E, Lei Y, Martínez-Martínez E, Body SC, Schlotter F, Creager M, et al. 
Interferon-γ released by activated CD8 + T lymphocytes impairs the calcium 
resorption potential of osteoclasts in Calcified Human aortic valves. Am J 
Pathol. 2017;187:1413–25.

68.	 Chinetti-Gbaguidi G, Daoudi M, Rosa M, Vinod M, Louvet L, Copin C, et al. 
Human alternative Macrophages populate calcified Areas of atherosclerotic 
lesions and display impaired RANKL-Induced Osteoclastic Bone Resorption 
Activity. Circ Res. 2017;121:19–30.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations. 


	﻿Single-cell transcriptomics reveals cellular heterogeneity and macrophage-to-mesenchymal transition in bicuspid calcific aortic valve disease
	﻿Abstract
	﻿Background
	﻿Methods
	﻿Human aortic valve collection
	﻿Preparation of single-cell suspensions
	﻿scRNA sequencing
	﻿scRNA-seq analysis of BAV
	﻿scRNA-seq analysis of previously published dataset
	﻿RNA velocity analysis
	﻿Pseudotime trajectory analysis
	﻿Cell-cell communication analysis
	﻿SCENIC analysis
	﻿Enrichment analysis
	﻿Cell culture and MRC1﻿+﻿Mac induction
	﻿Flow cytometry
	﻿Histopathology and multiplex fluorescence immunohistochemical staining
	﻿Cell immunofluorescent staining
	﻿Calcium measurement assay
	﻿Alizarin red staining
	﻿Real-time quantitative PCR
	﻿Western blot analysis
	﻿siRNA transfection
	﻿Statistical analyses

	﻿Results
	﻿Major cellular constitution of human stenotic BAV tissues deciphered by scRNA-seq
	﻿VIC and stromal cells exhibited significant heterogeneity
	﻿Functional diversity of endothelial cells in BAV
	﻿Lymphocytes significantly increased in severe calcification
	﻿Subclusters of monocytic cells and macrophage derived stromal cells in BAV
	﻿CD68 and α-SMA co-expressing cells were present in calcific BAVs
	﻿RNA velocity and monocytic lineage trajectory analyses revealed macrophage-to-mesenchymal transition
	﻿Cellular interaction network within BAV constructed via cellchat
	﻿MDSC phenotype was involved in BAV calcification
	﻿Macrophages can adopt a MDSC phenotype in vitro
	﻿Single-cell regulatory network inference and clustering analysis identified crucial regulators of MMT

	﻿Discussion
	﻿Conclusions
	﻿References


